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3D Face Recognition Algor ithm Based on D iscr m nant
Analysis Usng Can posite Features

DN Yan-feng, WANG Jun, Y IN Bao-cai
(BeijingM unicipal Key L aboratory of M ultimedia and Intelligent Softvare Technology, College of Canputer Science,
Beijing University of Technology, Beijing 100124, China)

Abstract: This pgoer proposes an goproach of face recognition using composite features This goproach first
aligned 3D faces based on non-uniform mesh re-samplingwhich reault the unifom number of vertex and topology
structure and kept in a vector  Second, we changed the vector o the matrix by division and overlgp, and then
2DLDA suggests a feature selection strategy © <elect the most discriminative features fran the comer This
goproach not only awoided face infomation missing, increased the number of composite feature, but al$ awided
the snall sanple size problan in theory Experimental reaults for 3D face data set from BJUT-3D face database
have demonstrated the perfomance of our algorithm.

Key words face recognition; feature extraction; discriminant analysis



