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Abstract: In order to improve the accuracy of text similarity detection algorithm, this paper proposes a text similarity detection
method combining latent Dirichlet Allocation(LDA) and Doc2Vec model, and names the model obtained by the algorithm HybridDL
model. This algorithm obtains the document vector through Doc2Vec training of the document, and then obtains the probability of
the occurrence of the document topic and the feature words under each topic with the LDA model, calculates the probability weight-
ed sum of each topic and feature words in the document, and maps them to the Doc2Vec document vector. Experimental results
show that the new algorithm model is more sensitive to the judgment of similar text than the traditional Doc2Vec model, and has
higher accuracy in the detection of text similarity.
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