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Abstract: Aiming at the defect that the traditional BP neural network model cannot effectively express the historical features exist-
ing in time series data, a method with the combination of BP neural network and grey forecast principle was proposed. Further-
more, grey forecast principle has the advantage of discovering the laws of historical changes, which can overcome the weakness of
BP neural network prediction model and this method have higher prediction accuracy. The neural network prediction model was es-
tablished by using the PM2.5 mass concentration of ten monitoring stations in Beijing in January and February 2018, as well as
the corresponding hourly air pollutant concentration and meteorological factors. Meanwhile, the grey forecast algorithm was used to
improve the neural network model. The results indicate that the improved method has the features of lower system error, and better
fitting degree between the predicted result and the measured result.
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