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Innovus machine learning application in performance CPU design
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Abstract: The high—performance chip design has a larger design scale, higher frequency, more complex design data and reliability,
and more signoff indicators under 7 nm and higher process nodes. Machine learning has been successfully applied in many fields,
and complex chip design is a good field for applying machine learning. Cadence built the algorithm into the Innovus tool, and built
the machine learning model by learning and modeling the chip design data to improve chip performance. A physical design process
that applies machine learning to optimize latency is established to improve chip design performance. This paper presents a machin-
ing—learning —based physical design flow that optimizes delay to improve chip design performance. In orde to choose a better solu-
tion , the effect of optimizing the cell delay,net delay, cell and net delay separately on the design was discussed and analyisised in
detail. Finally, the solution is applied to another block design with more difficult design and higher performance requirements . To
verifies the consistency of the flow,a more comprehensive analysis is completed from the aspects of timing, power, wire length , etc.
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