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Pigmented skin lesion recognition based on improved CapsNet

Li Lize,Zhang Chenjie, Yang Xiaohui,Sun Wenbin, Guo Bin
(School of Electronics and Information Engineering, Changchun University of Science and Technology , Changchun 130022, China)

Abstract: Dermatosis is a common and multiple disease in medicine, so skin detection technology has attracted more and more at-
tention. Convolutional neural network is a common skin detection method, and its model structure will lose a lot of information.
CapsNet is a new kind of neural network after convolutional neural network. The vectorization of CapsNet can better express the
spatial relevance, with each capsule serving its own mission independently. This paper analyzed the basic structure and main algo-
rithm of CapsNet, the network model was improved to avoid over fitting, and tried to identify the pre—processed skin image based
on improved CapsNet, and compared it with the model of traditional convolutional neural network. Experimental results show that
improved CapsNet can be used to identify pigmented skin diseases with good effect, and the accuracy is about 8~10 percent higher
than the traditional method.
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