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Abstract: Because of the suddenness, crowd —gathering and destructiveness of bursty events, this paper proposes an bursty event
detection method combining user influence and bursty —words for the bursty events published in weibo to avoid a series of social
problems caused by bursty events. In order to extract a large number of key burst—words, we need to first calculate the bursty val-
ue of words, using two indicators: word influence and word state, taking words larger than a certain threshold as burst words;
adopting cohesive hierarchical clustering method, hot topics are clustered by the co—occurrence matrix of burst word sets. After
that, the results were put into the trained classifier to classify hot topics, and finally the bursty events and their types were ob-
tained. The real microblog data were used to conduct bursty events on them. The experimental results before and after the use of
the classifier were compared. This method can effectively filter common hot topics and improve the accuracy of emergency detection.
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