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Abstract; This paper proposes a human behavior recognition algoas
and rich texture information in RGB video sequence. Based on D

ipformation from synchronous depth video sequence to enhance feature

asetl on DenseNet and DMM , which integrates depth information

seNet network structure, the algorithm firstly obtains color texture

information and optical flow information,and then obtains %
complementarity. Three kinds of characteristic informgfion sed as the input of spatial flow network ,temporal flow network and deep

flow network. Then LSTMs is used for feature fug
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avior classification. Experimental results show that the recognition rate of
performance compared with similar algorithms in this field.
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