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Abstract: Aspect-based sentiment analysis usually use @—term network and the attention mechanism method, the two models

are complicated in structure and long time in runnigg Wme. The existing convolutional neural network has a simple structure,and is rep-

resentative of a GCAE ( Gated Convolutional Ne ith Aspect Embedding) model. Since the position information of the words does

not fully utilized, the keywords cannot be accurately@nd quickly focused. Therefore, this paper proposed a convolutional gating network
method that combines position informati e ngval dataset was used for experiments and compared with the experimental results

using the GCAE model. The results

t the iteration time of this model is about 5.96 s,which is better than the LSTM model of

81 s. The accuracy of this mode iple aspects of sentences and multiple emotional polarity is 55.00% , which is higher than

53.00% of the GCAE model>

per has certain reference significance for improving the iterative time and accuracy of aspect-based
sentiment analysis.
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