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Super—resolution reconstructjpn w core image

Huang Shuaikun , Chen Honggfad’, &inbo , Hao Chuanming
(College of Electronics and Information Engi@ ichuan University , Chengdu 610065 , China)

Abstract: In the development of core array camera ¥armning based super resolution technology can be used to im-

prove the resolution of core image. In order to o & problems of detail blur or color deviation in the reconstruction
of core images by existing super —resolution es, this paper proposes a Raw core image super —resolution recon-
struction algorithm based on deep convolution: ral network. Firstly, the linear processing part of the analog camera

image processor synthesizes the linear fpage glata” set. Then, a two —layer convolutional neural network is used to train

the texture and color mapping relatj between high and low resolution images. Finally, the reconstructed linear high-

resolution image simulates the no rocessing part of the camera image processor to obtain the core reconstruction

image with clear texture andgu color. Experimental results show that the reconstruction algorithm proposed in this

paper improves the reconst ffect of core images.
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