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Abstract: Aiming at the problem that the splicing detection accigacy

ficient Markov feature extraction method for image splicing

the transition probability matrix in both the horizontalfand
values at the corresponding position in the prob:
of features,but also enlarges the discrimination o
number of features,regardless of the tes

99.19% and 96.02% at Columbia i

dataset respectively.
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traditional Markov feature is not high, this paper proposes an ef-

ign. Different from traditional Markov feature , this paper only calculates
al directions, and chooses the sum of four Markov transition probability
x as a feature vector. The summation operation not only reduces the number
robability distributions between the authentic and the spliced images. A fixed
asetggare used in the proposed algorithm. This method achieves the accuracy of 94.38% ,

icing detection evaluation dataset, CASIA V1.0 and CASIA V2.0 detection evaluation
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