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pying, the system compares the similarity between the hand-written

Abstract.In order to expediently and quickly analyse the®f
characters on paper and the original characters of famdus p . Using the residuals network ResNet50 model and a new word similarity

algorithm to recognize the handwritten words wit
ResNet50 model is trained by combining self-mad

time online handwritten word similarity ¢o

uploads photos of handwritten words
calculate and analyze the similar
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acy and calculate the similarity quickly with the famous handwritten words.
ous calligraphy character data set and common Chinese data set. At last,a real-
arisgh system is developed with the combination of web site and Android. Android mainly

and displays the processing results, and the built web site is used to identify images and

similarity algorithm ; Chinese dataset;online comparison system
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