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Abstract; Camera motion estimation plays an important role in Video
can handle the problem of parallax,which is difficult for l%

preserving constraint is added to the CPW ( Content Pfes
larity constraint and line preserving constraint aife
lines. Then three types of constraints are expresse

tem. The algorithm keeps the linear strugtu

motion. As a result,the perceptual vi
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ablization and stitching. To some extent,the mesh warping model

1 2D motion model with a single affine or homography matrix. A line

arping) algorithm,and the weight of the feature point constraint,simi-
Pely ajusted according to the distribution of feature points and the detected
uadratic terms and the camera path is obtained by solving the sparse linear sys-
,whigh is sensitive to human vision when warping image according to the estimated camera

is improved ,and the distortion caused by image warping is reduced.
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