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Crime prediction in area A based on DBSCAN clustering
Zhao Chuayc
(School of National Security and Counter Terrorism , People’s Pub Umversny of China, Beijing 100038, China)

ih of the public security department in practical work,
on DBSCAN algorithm. This method used the spatio -

ithm to analyze the crime data in area A. Firstly, this

Abstract: In order to effectively improve the crime predicl

this paper proposed a crime prediction method in area

temporal analysis visualization technology and DBSC

method conducted descriptive statistical analysis e e data in Area A; then, it used the DBSCAN algorithm to
build a crime prediction model and visualized it §finally, it predicted the hot spots of crime and identify crime patterns

by analyzing different types of crime. The show that compared with traditional empirical prediction, this method

has a better prediction effect and provides a sion basis for public security organs to fight crime and optimize police

force allocation. Y 4
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