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Deep controlled dense connection network for single image deraining

Li Wei,An Henan, Liu Jia, Tu Zhiwei, Zhang Changlin
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Abstract: Image quality degradation caused by rain streaks seriously affects the effective application of image and computer vision
algorithm, so image deraining is very necessary. At present, mainstream deraining methods based on deep leaming are only effective
for single size rain streaks, and there are problems such as incomplete rain streaks removal and fuzzy background. Aiming at these
difficulties, a single image deraining algorithm based on deep controlled dense connection network is presented. Through the intro-
duction of multi—scale block, the ability to extract rain streaks of different sizes was enhanced. And attention mechanism module
was injected to pay more attention to raining areas. What is more, controlled dense connection block was also introduced to fully
represent the rain streaks characteristics. Experiments show that the proposed method outperforms some mainstream methods both on
the synthetic dataset and the real dataset.
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