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of mobile terminal neural networks

Song Cunyang, Li Xin
(The 28th Research Institute of China Electronics Technology Corporation , Nanjing 210007 , China)

Abstract: Deep learning has achieved great success in many areas such as computer vision, speech signal processing and natural
language processing. However, as the neural architecture becomes more complex, the number of parameters increases rapidly. De-
signing efficient neural architectures requires expertise knowledge and quantities of repetitive experiments, which leads to high cost.
Besides, the scale of neural networks running in mobile devices is strictly limited due to the power consumption limit and relatively
small storage space. This paper proposes an efficient architecture searching algorithm for mobile devices. The main contributions in-
clude: (1)We propose an algorithm for calculating the number of floating point operations in neural networks under given architec-
ture. (2)We improve an existing gradient based neural architecture search algorithm and propose a constraint NAS algorithm.(3)We
search several efficient neural architectures by adding the constraint of the number of floating point operations to the architecture
searching process and adjusting its strength. We train the searched neural networks, test their performance on image classification
tasks and compare with other neural networks which are commonly used in industry. The experimental results show that the perfor-
mance of the model searched by our method can reach the performance of mainstream models in industry.
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