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The application of the integrated machine learning model

in the financial crisis of imbalanced sample
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Abstract: This paper forecast the financial risk of enterprises based on the financial index data of A—share enterprises in the main
board market of Shanghai Stock Exchange.The samples included 1227 normal listed enterprises and 42 enterprises which have been
financial warning. The data was seriously unbalanced. The problem of classifier failure in unbalanced samples was solved by resam-
pling technology in some certain.The integrated machine learning based on Bagging was used to improve and optimize the prediction
model.The highest probability of correctly selecting enterprises with financial warning was 92.86%. On this basis, the overall accu-
racy of the sample was improved by 5.4% after the integration of the model. The integrated model improved the financial early
warning ability of listed enterprises which could provide some reference for the normal operation of enterprises and the safety invest-
ment of investors.
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