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Abstract: In view of the drawbacks of the existing insulator state recognition models, and the scale and softmax loss function of
deep network, imitating the mode of personnel operation and maintenance, that is, dynamic decision—making based on the credibili-
ty of the evaluation results, this paper constructs an intelligent cognition method of insulator self-blast states based on the multi-
scale network. Firstly, for the pre—processed insulator images with localization and normalization, based on ResNet-18, branches
with different network structure are added to improve the network ability to adapt to different resolutions. At the same time, the
multi —scale information fusion module is added at the end of the network. Secondly, facing multiple scale features, stochastic con-
figuration network (SCN) constructs a generalized cognition criterion of self—blast state classification. Finally, in order to evaluate the
credibility of the self—blast state cognition result, based on the defined error index, the multi—scale network architecture is self—ad-
justed to reconstruct the feature vector and classification cognition criterion under the constraint of the uncertain cognition result,
which carries out the self-blast state renewal cognition.The experimental results show that the proposed intelligent cognition method
enhances the generalization ability and cognition accuracy compared with other methods.
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