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Gas concentration detection of E—-nose based on improved ELM
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Abstract: Aiming at unsatisfied ideal accuracy of electronic nose while testing the concentration of gas pollutants,the particle
swarm optimization and artificial bee colony algorithm based extreme learning machine (PSOABC-ELM) algorithm is proposed. The
accuracy of electronic nose concentration detection is enhanced by improve exireme learning machine weights of input layer and hid-
den layer and hidden layer threshold random defects. PSOABC-ELM is compared with other algorithms and validated on the public
data set. The results show that the PSOABC-ELM algorithm perform better than the others when Testinggas concentration of elec-
tronic nose, and the detection result error is smaller and the algorithm stability is stronger, which provides a new method for the
detection of gas concentration of electronic nose.
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