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User alignment across social networks

Shen Jiaqi', Zhou Guomin®
(1.College of Information Engineering, Zhejiang University of Technology , Hangzhou 310023, China ;
2.Department of Computer and Information Security , Zhejiang Police College , Hangzhou 310053, China)

Abstract: For the problem of identifying the same user across social networks, a recognition method that integrates user interests,
writing style and profile attributes is proposed. By determining user relationships under these three different feature dimensions sepa-
rately, and then synthesizing the results, the same user identification accuracy is improved. Among them, user interest is divided in-
to static interest and dynamic interest, static interest is extracted from user background information by TextRank algorithm, while dy-
namic interest is mined from user published text content by using topic model to find out interest points that change over time. For
user writing style, it is identified by One-Class SVM algorithm, and finally, the information entropy empowerment method is used
to compare the similarity of user profile attributes. The experimental results show that the proposed algorithm has improved accuracy
and recall rate compared with traditional machine learning algorithms.
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