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Research on classification and detection of traffic signs

based on tags combined with real scenes

Zhang Cheng , Zhang Ruibin, Wang Shudao
(School of Automobile and Traffic Engineering, Guilin University of Aerospace Technology , Guilin 541004 , China)

Abstract: There are a lot of researches on traffic signs in the safe driving and automatic driving of vehicles. Due to the wide vari-
ety of traffic signs and the influence of various factors, the classification and detection of traffic signs is also a challenging problem.
To this end, a traffic sign classification and detection method combining tags with real road scenes is proposed. The method is di-
vided into a data generation part and a target detection part. Experimental results show that the use of this method to generate
training data can effectively train deep convolutional neural networks to achieve classification and detection of traffic signs in real
scenes, and the optimized detection model has a smaller size and faster speed than the model mentioned in the article.
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