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Abstract: With the improvement of ship intelligence level, shipboard teleconferencing system is of great significance to improve the
emergency handling capacity and promote the construction of shipboard integrated network. Microphone array is an important voice
front—end to ensure the voice effect as well as the multi—-mode interaction of teleconferencing system. However, while the small size
of ship cabins leads to the adoption of small-size array, strong reverberation caused by small cabins and noisy cabin noise also seri-
ously degrade the performance of traditional microphone array algorithm. Considering the direction of arrival(DOA) estimation scenario
of small-size array in complex environment of ship cabin, a lightweight Mask—DOA estimation neural network model is proposed in
this paper. With this method, Mask algorithm is introduced into the DOA estimation neural network to reduce the noise and reverb
interference, then the enhanced GCC—PHAT is extracted as the network feature, so as to realize the high—precision DOA estimation
on the small-size microphone array. Simulation and experimental results show that the Mask—DOA model proposed in this paper is
more robust and has better generalization ability in the complex environment of ship cabin.

Key words; direction of arrival estimation ; ship cabin noise and reverberation environment ; neural network ; time—frequency masking
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