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Emotion recognition of EEG based on EEMD and LeNet-5

Cai Jing ,Zhou Yunpeng , Cheng Xiaoyu, Xin Jiawen , Sun Huihui
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Abstract: With the progress of science and technology, people have a new understanding of the concept of emotion, from the past
that emotion comes from "heart" gradually developed to the current general belief that emotion comes from "brain". In view of the
many characteristics of EEG signals, this experiment firstly extracted the useful bands of EEG signals through filtering, then used
EEMD algorithm to extract the characteristics of EEG signals and used the characteristics to draw EEG topographic map by spatial
interpolation method , and then used LeNet -5 algorithm to carry out specific emotional analysis and establish a model. Finally,
through continuous improvement of the model, the accuracy of emotion recognition was significantly improved, and accuracy is 80.1%.
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