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Survey of image style transfer based on neural network

Liu Jianfeng , Zhong Guoyun
(School of Information Engineering, East China University of Technology , Nanchang 330013, China)

Abstract: In order to promote the research of image style transfer technology based on neural network, the main methods and rep-
resentative work of image style transfer based on neural network are summarized and discussed in this paper. This paper reviews
the traditional style transfer algorithms, introduces the basic principles and methods of the main image style transfer based on neural
network in detail, analyzes the application prospect of the related field of image style transfer based on neural network, and finally
summarizes the existing problems and future research direction of the image style transfer based on neural network.
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