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Vehicle attribute detection based on improved YOLOvS

Liu Jun,Zhong Guoyun, Huang Siwen, Liu Qilin
(School of Information Engineering , East China University of Technology , Nanchang 330013, China)

Abstract: Vehicle attribute detection is a basic task, which can be applied to many downstream traffic vision tasks. This paper
presents an improved vehicle attribute detection algorithm based on YOLOvS. Aiming at the problem of small target detection, this
paper adds the convolution attention module to make the network model pay more attention to the small target object. Aiming at
the problem of less sample types of the dataset, this paper improves the mosaic data enhancement method of YOLOvS. The self—
gated activation function Swish is used to suppress noise, accelerate convergence speed, and improve the robustness of the model.
In addition, this paper also makes a detailed vehicle attribute labeling based on the public vehicle dataset VeRi-776, and con-
structs a vehicle attribute dataset. The experimental results show that the average accuracy of the improved algorithm is 4.6 %
higher than that of the original YOLOVS5, which can accurately detect the general attributes of vehicle images and can be used for
downstream tasks.
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