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Abstract: Clinicians need to judge the classification of cystic liver echinococcosis through personal experience when diagnosing liver
echinococcosis. The automatic detection and classification model of liver hydatid lesions based on target detection algorithm was stud-
ied to realize the automatic recognition and classification of ultrasonic images of liver hydatid disease. The YOLOvSl model was
used as the target detection model for cystic liver echinococcosis, and the network model was trained using the local liver
echinococcosis ultrasound image data set. The automatic detection and classification model of liver echinococcosis lesions based on
YOLOvSL model and stochastic gradient descent algorithm (SGD) optimization algorithm can effectively detect five types of lesions.
The average precision mean(mAP) is 88.1%. After testing, the test speed of the model can reach 40 f{/s. The experimental results
show that the automatic detection and classification model of liver echinococcosis lesions based on YOLOvVSL and SGD algorithm can
better identify the specific location of lesions and assist doctors in the diagnosis of liver echinococcosis.
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