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Abstract: Non-intrusive load decomposition can decompose the electricity consumption information of each consumer from the cur-
rent change information of the main meter, which is convenient for providing electricity consumers with more refined and targeted
electricity management and dispatching services. The current non—intrusive load decomposition algorithm using one—dimensional con-
volution has the problems that the decomposition accuracy is not high, the new user appliances need to be retrained, and the com-
plexity is high. Based on this, this paper uses the effective value of current and the harmonic component information after Fourier
transform to propose a load decomposition algorithm based on one —dimensional convolutional neural network, which uses similarity
comparison to decompose the current information of each consumer, and solves the new problem that increasing users or using elec-
trical appliances requires retraining. It is found through experiments that the method proposed in this paper can also improve the
accuracy of load decomposition to a certain extent, and the complexity is low.
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