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Abstract: Aiming at the problems of false positive detection and low recall in the detection of small targets by the general target
detection algorithm, a small target detection algorithm IPH (involution prediction head) is proposed, which is applied to the detection
head of YOLOv4 and YOLOvS. The experimental results on the VOC2007 data set show that the detection accuracy APs (AP
for small objects) of YOLOv4 after using IPH is improved by 1.1% compared with the original algorithm, and the APs on YOLOvS
is improved by 5.9%. Through further verification of the intelligent traffic detection data set, IPH algorithm and desampling can ef-
fectively improve the accuracy of small object detection and reduce false positive detection and missed detection.
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