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Abstract: Intelligent computing chips are hardware carriers that process massive amounts of data and reflect computing capabilities,
and are an important support for productivity in the digital economy era. With the large—scale application of new—generation infor-
mation technologies such as artificial intelligence, 5G, big data, and blockchain, the demand for computing resources in the digital
transformation of the industry and the upgrading of industrial intelligence has increased exponentially. In addition, the development
of integrated circuits has entered the post—Moore era, and the bottleneck caused by the defects of the current computing architec-
ture(Von Neumann architecture) has become more and more prominent, and the development has been seriously challenged. The in-
tegrated computing architecture, new computing paradigms, and new computing devices based on new materials and new processes
that meet diverse computing needs have also entered a stage of active innovation, and intelligent computing chips have ushered in a
golden age of rapid development. This paper comprehensively analyzes the strategic importance of intelligent computing chips in the
digital economy era, the development paths and trends of domestic and foreign technologies, and sorts out the main industrial pat-
terns and development opportunities of intelligent computing at home and abroad.
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